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My goals

• Humanize data science by telling you about my journey as 

well as actual problems I’ve worked on

• Share some lessons I’ve learned along the way

• Give you practical tips for how to become a data scientist



The state of data science today



The original promise of data science



The original promise of data science

“I keep saying the sexy job in the next ten years will be statisticians. People think I’m joking, 
but who would’ve guessed that computer engineers would’ve been the sexy job of the 
1990s?

The ability to take data – to be able to understand it, to process it, to extract value from it, 
to visualize it, to communicate it is going to be a hugely important skill in the next decades, 
not only at the professional level but even at the educational level for elementary school 
kids, for high school kids, for college kids. Because now we really do have essentially free and 
ubiquitous data. So the complimentary scarce factor is the ability to understand that data and 
extract value from it.

I think statisticians are part of it, but it’s just a part. You also want to be able to visualize the 
data, communicate the data, and utilize it effectively. But I do think those skills – of being 
able to access, understand, and communicate the insights you get from data analysis – are 
going to be extremely important. Managers need to be able to access and understand the 
data themselves.”

- Hal Varian, McKinsey Quarterly, January 2009

https://flowingdata.com/2009/02/25/googles-chief-economist-hal-varian-on-statistics-and-data/


Most of data science is deeply human

1. Find a problem to solve

2. Get the data necessary to answer this question

3. Clean the data

4. Analyze the data / build models

5. Tell a compelling story

6. Use the story to drive impact

Human
Skills

Human
Skills

Technical 
Skills

* Here, we focus on data science for understanding. There’s also data science for prediction, which is gradually 
becoming more engineering than science and can afford to be more purely technical.



My journey



“Soon, data sets—large, unseemly, raw collections of 
numbers—began to tell me their stories. Whether 
these stories concerned demographics, human 
physiology, or the economy, they shed light on our 
understanding of the world. I saw firsthand how the 
language of statistics worked, and the immense power 
it held.”
- Hamdan Azhar (2008)





Ron Paul 2012
Using data to inform voter contact in a presidential campaign





















Role of data in a campaign

Voter Contact

Phone Bank

Door Knocking

Direct Mail $$$$

ID, Persuasion, GOTV, 

Fundraising, Volunteering

Advertising $$$$

TV, Digital, Radio, Print

Events $$$$

Candidate Appearances

Surrogate Events



Takeaways

•Work on something no one else is working on and very few 

people care about --> all upside when you’re able to turn 

lemons into lemonade + lots of autonomy

• Ron Paul taught me that data science in the real world was 

something I enjoyed and wanted to do



Facebook
Using data to prove Facebook ads work and to help advertisers run better 
Facebook ads





Three questions: the key ingredients for 
effective data storytelling
•What should I focus on?
•What is the meaning I’m going to give this?
•What am I going to do now?

* With credit to Tony Robbins







PRISMOJI





My reaction to 
this article,
in emoji























While emojis might seem silly and trivial, people 
use them to convey real, authentic emotions.

Emojis are a universal language in an era of 
increasing depersonalization.

Emojis are also data.

And data science can help us understand them.



Data journalism
Even the most basic analyses can add tremendous value to the public discourse









Some thoughts on data science
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* Here, we focus on data science for understanding. There’s also data science for prediction, which is gradually 
becoming more engineering than science and can afford to be more purely technical.

80% of the time is 
spent on this

80% of the impact 
comes from this

Why do we spend 80% of our 
time talking about this???



Data science as an end-to-end process
• Data Strategist / Consultant: Understands what the priorities of the business are and how data 

science can help advance those priorities

• Data Project Manager: Designs and drives a project plan and roadmap to advance the above strategy

• Data Sourcer: Acquires the data necessary for the project

• Data Cleaner: Processes and cleans the data to make sure it is as accurate as possible and is ready to 
be analyzed

• Data Analyst: Conducts exploratory data analysis to understand the data and identify key trends and 
patterns

• Data Modeler: Builds statistical models and algorithms to better understand the data or predict 
something from the data

• Data Visualizer: Designs intuitive and aesthetically appealing visualizations to make the data 
accessible

• Data Insights Professional: Identifies the key story, insights, and implications based on the analysis

• Data Storyteller: Communicates the story coming out of the analysis (in writing, or in powerpoint, or 
in a presentation)

• Data Project Socializer: Socializes the story to appropriate stakeholders and identifies next steps and 
recommended action items

Data 
Engineers

ML Engineers



The spectrum of data sophistication

• Level 1: Data, what’s that??

• Level 2: We have a lot of data and we have no idea what to do with it.

• Level 3: We are doing some basic things with data but we need to do 

more interesting things and find more insights to get more buy-in from 

our stakeholders.

• Level 4: We have clean data and we know what we want and we need to 

build a model and implement it in production.

• Level 5: We have a model running and we need you to improve it by 1%.



Data science at BlackRock



Thank you!

hamdan.azhar@gmail.com
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